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Predictor Importance

Target: Class

AGE
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Least Impaortant
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Nodes Importance
Sugar 0.4684
AGE 0.5316
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E~~Rgsu|ts for output field Class

E-Comparing $C-Class with Class

‘Partition’ 1_Training
Correct 346
""" Wrong 1
Total 347

2_Testing
99.71% 153 100%
0.29% 0 0%
153
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Category % n
| " Disease 89.800 448

B Health 10.200 51
Total 100.000 500

........... l.l:
Sui_:lar

==100.000 =100.000

MNode 1 MNode 2
Category % n Category % n
“ Disease 1.923 1 * Disease 100.000 448
B Health 98.077 51 B Health 0.000 0
Total 10.400 52 Total 89.600 448

panal & ya Je (59, 9 095 w38 Ol il Y Jsib

E- Weight <=77 [Mode: Disease ] (202)
i Fat<=100 [Mode: Health] => Health (12;1.0)
B Fat=100 [Mode: Disease] (190)
E- BMI <= 25 [Mode: Health ] (13)
. i AGE <= 48 [Mode: Disease] => Disease (2 1.0)
i AGE=>48 [Mode: Health] => Health (11, 0.909)
B BMI > 25 [ Mode: Disease ] (177)
B Fat<= 158 [Mode: Disease] (78)
Family_Rec=1.000 [ Mode: Disease] => Disease (16;0.938)
B- Family_Rec=2.000 [Mode: Disease ] (62)
E- BMI <= 30.500 [ Mode: Disease ] (36)
B+ SEX=1.000 [ Mode: Health ] (17)
. b~ Weight<=73 [Mode: Health] => Health (13;0.692)
i Weight = 73 [ Mode: Disease ] => Disease (4, 1.0)
= SEX=2.000 [Mode: Disease] (19)
r- AGE <= 60 [Mode: Disease] => Disease (11;0.727)
BE- AGE > 60 [Mode: Health] (8)
Weight <= 71 [ Mode: Disease ] => Disease (4, 0.75)
Weight = 71 [ Mode: Health] => Health (4; 1.0)
-+ BMI = 30.500 [ Mode: Disease] => Disease (26;0.922
- Fat= 158 [ Mode: Disease] => Disease (99;0.97)
- Weight = 77 [ Mode: Disease] = Disease (293, 098)
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E-Results for output field Class
EI--C‘omparing $C-Class with Class

'Partition’ 1_Training 2_Testing

Correct 332  95.68% 147  96.08%
""" Wrong 15 4.32% 6  3.92%

Total 347 153
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E-Rules for Health - contains 4 rule(s)
E- Rule 1for Health

{oaf Weight <= 77

i.and Fat==100

then Health
E- Rule 2 for Health
if AGE = 48

and  Weight<=77
and BMI==25

then Health
E- Rule 3 for Health
if AGE = 60

and SEX=2.000
and Family_Rec=2.000
--and  Weight>=71
and Weight<=77
and Fat==158
then Health
E- Rule 4 for Health
i if SEX=1.000
: and  Family_Rec=2.000
i and Weight<=73
“'and  BMI==30.500
and Fat==158
then Health

Baiad s ol 1 sla s, ¥ s

Dot 73 0 58 e 5l s sladss 5l gl sad ol

el

E]"R_ules for Disease - contains 7 rule(s)
E- Rule 1for Disease
L BMI = 30.500
.and Fat=100
then Disease
E- Rule 2 for Disease
i BMI = 25
‘.and Fat=158
then Disease
E- Rule 3 for Disease
L SEX =1.000
. and  Weight=73
“and  BMI=25
then Disease
- Rule 4 for Disease
| Weight = 77
“'then  Disease
- Rule 5 for Disease
L Family_Rec =1.000
“'then Disease
E- Rule 6 for Disease
L AGE == 48
‘.and Fat=100
then Disease
E- Rule 7 for Disease
L AGE <= 60
i and SEX=2000
i.and  BMI=25
and Fat=100
then Disease
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Rule 1
If weight<=77 and Fat<=100 then health

Al (Il aset olST 2L V0 e (golen b S S 0T g 5 WV (sobee U i 55 s 035 S
Rule 2
48 and Weight<=77 and BMI<=25 then health>If AGE
ol Il s ST AL Y0 (g 5les b 5 S BMI 5 WY (5les b 2K 8 035 5 A 51 S5 o S
Rule 3

If AGe>60 and SEX=2 and family-rec=2 and Weight>71 and weight<=77 and Fat<=158 then
Health

S S o 5 ALV ol b S S 5V Sl S5 05 5 Al andll Sal gl aile 5 b5 e 5 3L 31 S50 o S
el Il oST 3L a2l VOA (g le
Rule 4
If SEX=1 and Family-Rec=2 and Weight<=73 and BMI<=30.500 and Fat<=158 Health
FS oy ALY olas S S BMI 5 a3l VY (golas 5 S O35 5 AEL anll Salpls aile 5 Aib 05 S
R V.qu,b,.;atij 3L VOA (g slons

Rule 5
If BMI>30.500 and Fat>100 then Disease

w‘u@.fuazﬁia&\.,\.}b\")‘ﬁ)ﬁjﬂ}“br',O" )‘J,If)):BMI Jf‘

Rule6
If BMI>25 and Fat>158 then Disease

el s jo s o AL VOA S S5 o s AL Yo 51 S5 BMI S

Rule7
If Sex=1 and Weight>73 and BMI>25 then Disease
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E-Results for output field Class
ElvvComparing SN-Class with Class

'Partition’ 1_Training 2_Testing

Correct 330 951% 138  90.2%
""" Wrong 17 49% 15  9.8%

Total 347 153
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Predictor Importance

Target: Class

Weight 5
BMI
Fat

AGE

HDL

Marital
Carrier

SEX

]

]
Family_Rec :|

]

[ ]

|

=2

06 08 1.0

[ I I I

Least Important

Most Important
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Provide a Predictive Model to Identify People with Diabetes Using the Decision Tree
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ABSTRACT

Background: Today, in most hospitals in Iran, there is an extensive database of patient characteristics
that includes a large amount of information related to medical, family and medical records. Finding
a knowledge model of this information can help to predict the performance of the medical system and
improve educational processes.

Methods: Data mining techniques are analytical tools that are used to extract meaningful knowledge
from a large data set. In this study, the information of 500 people referred to Shahid Bolandian Health
Center in Qazvin has been used. In this research, a predicted model has been performed using decision
tree data mining methods and neural network and Bayesian network.

Results: The decision tree model has the highest accuracy and the Bayesian network has the lowest
accuracy in diagnosing diabetic patients, and consequently the decision tree has the least error and
the Bayesian network has the highest error. The decision tree model with 95.68% had the highest
accuracy in prediction.

Conclusion: Fat has the greatest effect in predicting diabetes and gender has the least effect in
predicting diabetes. Based on the decision tree analysis, the rules obtained among the stated
characteristics of age and sugar variables have the greatest effect in predicting the occurrence of
diabetes (according to software analysis) and by creating a proper diet can prevent this disease
Prevented.
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